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1. Introduction

Industry 4.0 does not only take place in a smart factory but also and especially in procurement (Glas & 
Kleemann, 2016). Industry 4.0 represents the overlapping of different technological developments that support 
and enhance products and processes (Schmidt et al., 2015). A main driver of its implementation is an expected 
cost reduction (PricewaterhouseCoopers, 2014). Digitization is expected to minimize the usage of material 
(Lasi et al., 2014). Since a minimization of material usage leads to a cost reduction, a direct link between 
procurement costs and industry 4.0 exists.

Numerous studies on the effect of Industry 4.0 on production have been published so far 
(e.g. PricewaterhouseCoopers, 2014; Kagermann, 2015). Yet, there is a discrepancy between the goal of cost 
reduction through digitization and an insufficient consideration of procurement in previous studies. Procurement 
is the main cost driver for the organization (Foster & Gupta, 1990; Krampf, 2014). Depending on the branch, 
the costs of material often exceed 50% of the gross production value. Companies in the automotive sector even 
spend up to 80% of the gross production value on their production factors (Daimler AG, 2016).

Procurement 4.0: How the digital disruption supports 
cost-reduction in Procurement

Timo Klündera* , Jan Niklas Dörselna , Marion Stevena 
aRuhr-University Bochum, Bochum, Germany

*timo.kluender@rub.de

Abstract

Paper aims: “Without purchasing, Industry 4.0 will not take place”. Procurement ensures supplies at the lowest level of 
costs. Those costs account for more than 50% of the gross production value. This paper analyses, explains and proves 
that digitization reduces cost even further.

Originality: This empirical examination as well as the explanatory approach are key supplements to previous survey-based 
studies on the effect of digitization on procurement costs.

Research method: The digitized procurement process and the application of technologies were analysed in detail by 
establishing a Procurement 4.0-Framework in order to prove evidence of digitally induced cost-cutting effects. The hypothesis 
that the use of Industry 4.0-Technologies leads to cost reductions is empirically tested with data by the federal statistical 
office. The Pearson correlation coefficient measures the strength of correlation between the degree of technology usage 
and costs of material and commodities. The correlations are empirically tested using a t-test.

Main findings: The correlations’ strength between digitization and the development of procurement costs enables to confirm 
the hypothesis and allows an in-depth analysis of technology-specific effects based on a Procurement 4.0-Framework.

Implications for theory and practice: This paper effectively supports the implementation of technologies for the reduction 
of costs.
Keywords
Industry 4.0. Procurement 4.0. Digitization. Procurement costs.

How to cite this article: Klünder, T., Dörseln, J. N., & Steven, M. (2019). Procurement 4.0: How the digital disruption 
supports cost-reduction in Procurement. Production, 28, e20180104. https://doi.org/10.1590/0103-6513.20180104

Received: Dec. 7, 2018; Accepted: Apr. 20, 2019.

https://orcid.org/0000-0001-6558-5992
https://orcid.org/0000-0003-0785-9400
https://orcid.org/0000-0002-8042-2523


Production, 29, e20180104, 2019 | DOI: 10.1590/0103-6513.20180104 2/11

Cost reductions in the procurement process can have a disproportionately high effect on the organization’s 
profit (leverage effect) (Möllering et al., 2005). For example, a reduction of the material costs could correspond 
to an overproportional increase in revenue. Both leads to the same increase of the return on investment 
(Arnolds et al., 2013). Thus, only the evidence of a connection between digitization efforts and cost changes 
justifies a deeper investigation of the effects of new technologies on procurement costs.

The paper proposes a combination of two interdependent questions:

1)	 Does an interrelation between the development of procurement costs and the implementation of digital 
technologies exist?

2)	 How to explain the identified relations?

For this purpose the procurement process and the technologies of industry 4.0 are presented and linked with 
each other to a proprietary Procurement 4.0-Framework. Then the theoretical connection is empirically tested. 
Afterwards hypotheses for the discovered interrelations are formulated with reference to the initially introduced 
procurement process. The paper concludes with a summary of key findings and an outlook.

2. Procurement

Industry 4.0 is a widespread transition process that also leads to a profound change in procurement. 
The fourth industrial revolution is introduced and the main task of procurement 4.0 outlined (sub-section 2.1). 
The examination of the cost structure is necessary to determine the digitization’s effects on procurement costs 
(sub-section 2.2). In order to ensure a structured and systematic approach, the procurement process is presented 
in sub-section 2.3, which then serves as the golden thread of all following analyses. Sub-section 2.4 uses this 
procurement process to derive the resulting cost elements.

2.1. The objective of procurement in the shadow of industry 4.0

Procurement represents a major function of business. It is responsible for ensuring the functionality of all 
processes by providing every good the company needs but does not produce itself (Theisen, 1974). Supported by 
the growing percentage of a globally outsourced production, procurement additionally focuses on providing the 
goods at the lowest possible costs. Therefore, procurement refers to all company- and/or market related activities 
aimed at providing a company with the required but not self-produced objects (Arnold, 1997). The function of 
procurement is subject to a disruptive change as a result of the fourth industrial revolution.

The term industry 4.0 was introduced by the acatech research union set up by the Federal Ministry of Education 
and Research (Kagermann et al., 2012). The Research Union called the associated disruptive transformation 
process as fourth industrial revolution in 2011. The fourth industrial revolution thus differs from the previous 
ones in that it was proclaimed prior to its realization. Following this proclamation, procurement is currently 
part of a revolutionary process.

By definition, an industrial revolution occurs when new technologies lead to a profound and lasting change 
in society and production technology. The first industrial revolution describes the transition from handcraft 
production to industrial production in factories. The use of electrical energy in conjunction with mass production 
based on the division of labour led to industrial mass production at the beginning of the 20th century. These 
developments are seen as the second industrial revolution. Automation as a result of advances in information 
technology in the second half of the 20th century triggered the third industrial revolution (Bauer et al., 2014).

Thus, an industrial revolution is characterized by changes on the organizational level, which are achieved by 
the widespread use of new technologies. Industry 4.0 should therefore also be explained via an organizational 
and a technological component (Steven & Klünder, 2018; Drath, 2014):

▪	 On the organizational level, industry 4.0 is characterized by a horizontal and vertical integration of companies 
that enable an individualized, sustainable, flexible and resilient production across companies in a decentralized 
and self-organizing supply chain, through which leaps in time, costs and quality can be achieved;

▪	 These organizational changes in the value creation process are technologically driven by the networked use of 
real-time cyber-physical systems in the Internet of Things and Services, resulting in digitally integrated, autonomous 
Smart Factories.
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This paper also adopts that logic. Based on technological changes, organizational change processes are 
described that can potentially lead to cost reductions in procurement.

As already mentioned, industry 4.0 initially revolutionizes the production. Due to the major role of 
procurement – securing the production by providing all necessary goods – the ideas of industry 4.0 can be 
transferred to procurement.

Based on the idea that industry 4.0 characterizes the growing digital connection of the industrial production, 
which leads to entirely intelligent, connected and autonomous factories, procurement 4.0 represents two associated 
aspects (Kiel et al., 2017). On the operational level procurement 4.0 represents the intelligent determination of 
requirements and the autonomous procurement processing while promoting the cooperation to suppliers and 
the availability of all relevant information on the strategic level.

2.2. Cost structure

Procurement is responsible for obtaining any factors a company needs for its production but is unable 
to produce due to different reasons. Those factors include goods, services and even information, capital or 
personnel (Kummer et al., 2013). On the one hand goods comprise raw materials, (semi-) manufactured products, 
auxiliary and process materials that were aggregated as material. These are further processed by the procuring 
organization (Federal Statistical Office, 2018). Commodities on the other hand are goods of foreign origin that 
are resold unprocessed and with no connection to the own production process (Federal Statistical Office, 2018).

Table 1 shows the distribution of procurement costs in 2015 for different branches in Germany. The branches 
have been selected based on two factors. Firstly, because of their high relevance in the field of Industry 4.0. 
Secondly, they account for a significant share of GDP (Federal Statistical Office, 2018). The values in Table 1 are 
given as percentage of the gross production value. It is obvious that procurement costs with an average of 52% 
are responsible for the major share of the gross production value and therefore the overall costs. It is important 
to consider the intersectoral and intertemporal differences. Therefore, a sectoral as well as temporal analysis is 
applied below.

Table 1. Procurement Costs of different Branches by share of GPV (Federal Statistical Office, 2018).

Branch
Type of Cost

Costs of Material Costs of Commodities Overall Procurement Costs

Chemical Goods 38.1% 18.3% 56.4%

Pharmaceutical Products 24% 13.6% 37.6%

Rubber and Plastic Goods 43.1% 10% 53.1%

Metal Production and Processing 63.3% 3.6% 66.9%

Fabricated Metal Products 38.1% 4.4% 42.5%

Electrical Equipment 38.8% 12.8% 51.6%

Mechanical Engineering 41.5% 9% 50.5%

Motor Vehicles and Components 48.7% 20.1% 68.8%

Other Transport Equipments 50.9% 1.4% 52.3%

Other Goods 27.6% 13.4% 41%

Figure 1 illustrates the intensity of procured material, commodities or of the combination of both for selected 
branches over the period of eight years. Each of the intensities represent the costs relative to the revenue. In general, 
the development can be described as a negative trend since 2011, the year where the term “Industry 4.0” has 
been introduced by the german government (Bauer et al., 2014; Botthof, 2015). The average growth rate of 
the procurement cost / profit-relation is 0.01% and -2.06% for the years 2011 to 2015. This - mostly negative 
- trend is mainly caused by the development of the material intensity. Here, the average growth rate is between 
-1.26% and -2.51% which shows that the costs for material decreased per unit of revenue.

Even though the growth rates for the commodity intensity vary a little more and are, among others, positive 
(7.85% and -8.96%) the result of mostly negative growth rates is a first indicator that digitization leads to a 
decrease of procurement costs. Therefore, it supports the procurement’s operational goal of minimizing the 
costs (Federal Statistical Office, 2018; own calculations).
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2.3. Procurement process

The focus on material and commodities already implies through its definition that the following procurement 
tasks are oriented on the process of recurring procurement activities (Aisbett et al., 2005; Lee et al., 1997). 
Strategic procurement sets the framework for any supply activities of the enterprise and spans the possible scope 
of action. By determining the supplier portfolio the procuring organization defines its procurement strategy 
that specifies which suppliers meet the requirements in order to deliver the goods. The goods, that need to be 
procured, depend on the organization’s category management. These decisions are supported by market research 
activities that gather, prepare and analyse all necessary information. The objective of strategic procurement is 
to secure the flexibility and independence of a company on the procurement market (Grochla & Schönbohm, 
1980; Melzer-Ridinger, 2008; Steven, 2013).

Within this possible scope of action, decisions have to be made in order to secure the supply for the next 
period (tactical procurement). Based on demand planning and the purchase requisition, offers of possible 
suppliers out of the portfolio need to be requested, evaluated and possibly negotiated with the preferred 
supplier. The tactical procurement phase ends with the supply agreement between the organization and the 
selected suppliers (Hütter, 2007).

Operational procurement describes the final execution of the selected procurement option. After the optimal 
order quantity has been determined, the order is placed either through a message to the supplier or automatic 
execution. Finally, the transportation of the ordered goods needs to be monitored until their arrival in the 
warehouse (Arnolds et al., 2013; Krampf, 2014).

The main objective of tactical and operative procurement is to minimize all costs arising in the procurement 
process. Procurement 4.0 supports this objective by automating these procurement activities.

2.4. Cost elements in the procurement process

The outlined procurement process results in five cost elements that determine the procurement costs (Hütter, 2007).

a.	 Demand Analysis Costs (DAC) include all costs that arise during strategic procurement activities. Besides the 
costs for the demand analysis (DA), depending on the planning horizon (PH), they especially contain costs for 
the planning capacity (PCC) which depend on the variety and complexity of material (M).

	 ( ) ( )DAC PCC M DA PH= + 	 (1)

b.	 The Supplier Selection Costs (SSC) include personnel costs incurred for soliciting and comparing offers. They increase 
with the number of suppliers (S) consulted and the variety and complexity of the material (M) to be purchased.

	 ( ),SSC SSC S M= 	 (2)

Figure 1. Cost Development in different Branches depending on Revenue (Federal Statistical Office, 2018).
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c.	 The Direct Procurement Costs (DPC) are similar to the SSC as they also depend on the number of suppliers but 
in the opposite way. As the number of suppliers (S) increases, the competition between them rises and leads to 
lower purchase prices (p). Therefore, the DPC are the product of p and the demand of the period considered (d).

	 ( ) ( )DPC DPC S p S d= = ⋅ 	 (3)

d.	 Supplier Failure Recovery Costs (SFC) represent costs that arise for a renewed solicitation of one offer 
(SSC(1, M)) to avoid a shortfall situation. These costs only apply in case of a supplier failure whose probability 
of occurrence is represented by f(S). The probability of occurrence decreases with an increasing S in the supplier 
portfolio.

	 ( ) ( ),SFC SSC 1 M f S= ⋅ 	 (4)

e.	 In accordance with the economic order quantity model by Harris, Order Costs (OC) consist of two components: 
costs of placing an order (k) and holding costs for the storage of goods (h). This leads to OC per period 
(Andriolo et al., 2014):

	 OC 2 k h d= ⋅ ⋅ ⋅ 	 (5)

3. The digitization of procurement

Individualization, shortened product lifecycles and technological innovations are met by the new production 
paradigm industry 4.0 (Koehler et al., 2015). It comprises product and process innovations due to the overlay of 
several technological developments (Schmidt et al., 2015). Before assigning the technologies to each production 
step (sub-section 3.2) these technologies will be presented (sub-section 3.1).

3.1. Technologies

Procurement is a distinctive and value-creating process that is changed by the industrial revolution. Therefore, 
Procurement 4.0 connects the organization with its suppliers and enables a dynamic cooperation and coordination 
of the procurement process (Glas & Kleemann, 2016). Procurement 4.0 is substantially characterized by four 
technological areas (Figure 2):

Connectivity & Communication:

Figure 2. Technology Areas of Procurement 4.0 (Fostec, 2018).
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▪	 Industrial Internet of Things: Embedding of heterogeneous devices from different participants with diverse 
functionalities into one network (Kovatsch et al., 2012);

▪	 Cloud & Cybersecurity: Management of large amounts of data in cloud-based, open, but secure systems in order 
to provide a universal data access (Fostec, 2018).

Data, Intelligence, Analytics:

▪	 Big Data: Ability to process data with regard to velocity, variety and volume and gain valuable insights in order 
to make an informed and reasoned decision (Accenture, 2014);

▪	 Data Analytics: Set of Business Intelligence-Technologies that detects patterns in large sets of data in order to 
predict future events (Eckerson, 2007).

Human-Machine and Machine-Machine Interaction:

▪	 Virtual/Augmented Reality: Display of additional digital information, e.g. for the employee (Zillmann & Appel, 2016);

▪	 Manufacturing Technology: New manufacturing technologies (e.g. 3D-printing) for the rapid manufacturing of 
prototypes or replacement parts (Berman, 2012).

Advanced Procurement:

▪	 Autonomous Transportation: Usage of automated vehicles and transportation systems (on the road as well as in 
the warehouse) in order to deliver goods more efficiently and increase the driver’s productivity (Townsend, 2014);

▪	 Advanced Robotics: Devices that are able to perform different tasks without or with little human intervention or 
interaction (Deloitte, 2017).

3.2. Effect of technologies on procurement process

After the introduction of key procurement steps (sub-section 2.3), cost elements (sub-section 2.4) and 
technologies (sub-section 3.1) their interdependencies must be highlighted (Table 2).

Table 2. Procurement 4.0-Framework.

Cost Element (Chapter 2.4) Procurement Step (Chapter 2.3) I4.0 Technologies (Chapter 3.1)

Demand Analysis Costs
Procurement Strategy Big Data, Data Analytics, Manufacturing Technologies

Demand Planning Big Data, Data Analytics, Manufacturing Technologies

Supplier Selection Costs

Offer Request
Internet of Things, Cloud & Cyber-Security, Big Data, 
Advanced Robotics

Offer Evaluation Data Analytics, Internet of Things, Cloud & Cyber-Security

Negotiation of Conditions Big Data, Internet of Things

Supply Agreement Internet of Things, Cloud & Cyber-Security

Direct Procurement Costs

Determination of Order Quantity Data Analytics, Advanced Robotics

Purchase Order Advanced Robotics, Internet of Things

Material Transport
Internet of Things, Big Data, Data Analytics, Autonomous 
Transportation

Supplier Failure Recovery Costs, Order Costs Material Reception and Inspection
Internet of Things, Virtual/Augmented Reality, Advanced 
Robotics

One of the first decisions an organization has to take when creating the procurement strategy is the 
make-or-buy decision. With emerging Manufacturing Technologies such as 3D-printing an organization has new 
opportunities of creating prototypes, spare parts or (semi-) manufactured products (Berman, 2012). Collected 
Data and Data Analytics support the organization by providing and evaluating data about possible suppliers. 
Big Data and Data Analytics are also essential for the demand planning process. Especially analytical instruments 
such as Predictive Analytics can use past data in order to determine nearly optimal demands (Schoenherr & 
Speier-Pero 2015).
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For the offer request and offer evaluation the Internet of Things as well as Clouds & Cyber Security become 
important. Communication with suppliers and access to shared documents via mobile devices is possible in 
a decentralized way (Geissbauer et al., 2016). Ideally, the machines that process the material, automatically 
generate all important data and send them via the Internet of Things to the supplier or share them through 
Cloud Services (Schlick et al., 2014). Data Analytics become important when evaluating the offer since it is able 
to compare all received offers with each other as well as data from the past (Schoenherr & Speier-Pero, 2015).

The opportunity of a decentralized communication through the Internet of Things also has an impact on 
the negotiations of conditions. Since the offer, that is being negotiated, has already been evaluated through 
Data Analytics, the organization can use the findings to improve its position in the negotiation (Schoenherr & 
Speier-Pero, 2015). Finally, the supply agreement can be transferred through the Internet of Things and provided 
for all participants in Cloud Services.

The order quantity can be determined and scheduled with the help of Predictive Analytics (Schoenherr & 
Speier-Pero, 2015). The usage of stored data and the rate of outgoing inventory are measured by Advanced 
Robotics in the warehouse to project the ideal order quantity. Finally, the purchase order is made through the 
Internet of Things, ideally directly by Advanced Robotics on the shop floor or in the warehouse. The material 
transport can be monitored by shared information about the position or condition of the delivery. By using the 
data generated on the current route about navigation and traffic, as well as data from the past, Data Analytics 
can be used to calculate the ideal route concerning time or costs, e.g. for fuel (Waller & Fawcett, 2013). Once 
the organization received the material, a notification can be sent to all employees in charge or directly to the 
machines that can now use this material. If the material needs to be inspected, tools with Virtual or Augmented 
Reality (e.g. data glasses) help the employee by giving instructions about the handling and the inspection 
(A.T. Kearney, 2015).

4. Interrelation between digitization and procurement costs in German industry

A direct and immediate connection between digitization efforts and the material usage is often assumed. 
However, there is no proof of this correlation to date. The actual effects of digitization efforts have so far been 
limited to industrial surveys only. Subsequently, a statistical instrument is used for this purpose that is presented 
in sub-section 4.1. The results of its application, using time series data from the Federal Statistical Office, are 
presented in sub-section 4.2. Sub-section 4.3 provides an explanatory approach based on the Procurement 
4.0-Framework developed in previous sections.

4.1. Methodology

Evidence of the cost-cutting effect of digitization in procurement has so far been unproven. Consequently, 
the following hypothesis is examined empirically:

	 H0:= The progress of digitization, measured by machine investments over a certain period as measured by 
sales, correlates substantially (stronger than -0.5) with a reduction in material and commodity expenditures.

This hypothesis is rejected if the calculated coefficients are weak, i. e. less than -0.5, and therefore no 
substantial correlation between digitization efforts and procurement costs exists. Moreover, the hypothesis is 
rejected, if a substantial correlation exists, but is positive.

Therefore, H1 is defined as:

	 H1:= The progress of digitization, measured by machine investments over a certain period as measured by 
sales, does not correlate substantially (between -0.5 to 0.5) or substantially positive (stronger than 0.5) with 
a reduction in material and commodity expenditures.

The analysis is based on the cost structure of companies in the manufacturing sector in 2015. The selection 
of branches was made on basis of resource intensity and the importance of the respective branch for the german 
economy. The relative procurement costs, which are represented by the costs for materials and commodities 
(based on gross production value), were calculated for those branches. Material consumption includes raw 
materials and other externally procured intermediate products, auxiliary and operating materials including external 
components, energy and water, fuels, office and advertising materials as well as non-activated low-value assets. 
Commodities are deemed to be trading goods which are general unprocessed and without production-technical 
are resold in combination with their own products (Federal Statistical Office, 2018).



Production, 29, e20180104, 2019 | DOI: 10.1590/0103-6513.20180104 8/11

The relative machine investments (based on the revenue) were used to demonstrate a correlation between 
procurement costs and investments in digitization. The relative machine investments are regarded as a proxy 
for the innovation intensity, since investments made after 2011 primarily served digitization.

Since the effect of digitization on procurement goods can vary substantially, a distinction is made between 
materials and commodities. For this reason, two correlation analyses are conducted per branch. This leads to 
the reflection of twenty separately calculated correlation coefficients.

For this purpose, the Pearson correlation coefficient is used. It is a measure of the strength of a linear 
correlation between two variables. In the particular scenario, the degree of correlation between the quantitative 
characteristics procurement costs and innovation intensity over a period of eight years is determined in order 
to give an empirically grounded answer to the research question 1 set out in the introduction. A number of key 
figures can be considered to represent the innovation intensity. Requirements for the parameters used are reliable 
data availability over a longer period of time and direct attribution to industries in the same period. Research 
and development expenditure cannot be used as a substitute because, unlike investments in machines, the cost 
reduction effect does not occur in the same year. Therefore, the relative investments in machines, measured by 
revenue, were used as a substitute for the digitization efforts of a branch.

Let ( ) , , , ,i ix y i 1 n= … , be the n observed pairs of values of the bivariate characteristic (X, Y), then the Pearson 
correlation coefficient is represented by

	
( ) ( )

( ) ( )

n
xy i ii 1

2 2n nx y i ii 1 i 1

s x x y y
r

s s x x y y
=

= =

− ⋅ −
= =

⋅ − ⋅ −

∑

∑ ∑
	 (6)

where xys  represents the empirical covariance and ,x ys s  are the empirical standard deviations of the characteristics 
X and Y in the respective samples. The correlation coefficient has only three important prerequisites that are 
met in the scenario at hand: linearity of the correlation, finite variance and covariance and a metric scale level 
(Ahlgren et al., 2003; Rodgers & Nicewander, 1988).

The dimensionless measure of the degree of linear correlation can vary between -1 and +1. At a value of +1 (or -1) 
there is a completely positive (or negative) linear relationship between the considered characteristics. If the 
correlation coefficient has the value 0, the two characteristics do not depend at all on each other linearly. While 
the polarity sign of the correlation coefficient determines the direction of linear correlations, its magnitude 
determines the strength: for values between 0 and 0.5 there is a weak linear correlation, for values between 
0.5 and 0.8 a medium linear correlation is present, and for values greater than 0.8 there is a strong linear 
correlation (Ahlgren et al., 2003; Benesty et al., 2009).

The t-test for checking the correlation coefficients can be used to test whether there is a statistically significant 
relationship between the characteristic’s realizations ix  and iy . The t-test of the correlation coefficients tests 
the hypothesis that the correlation coefficient after Pearson is 0 with the intent of rejecting this hypothesis. 
The specification of α  expresses the size of a confidence limit. The confidence interval specifies the range that 
includes the true parameter position with an infinite repetition of a random experiment with a certain probability 
(the confidence level). With this test, a statistically reliable statement on the quality of the correlation is provided 
(Ahlgren et al., 2003; Faul et al., 2009).

The correlations which were subsequently subjected to a t-test, were carried out with the statistics programme 
SPSS and are presented in sub-section 4.2.

4.2. Results

Table  3 presents the Pearson correlation coefficient between innovation intensity in terms of machine 
investment and the spendings on commodities and material measured as a percentage of revenue. Since a 
reliable database for the selected industries is limited to eight years, only 12 of the 20 correlation coefficients 
are significantly different from 0, according to the t-test. The following interpretation therefore focuses on the 
significant results without neglecting the remaining results.

The branches can be classified into four main groups:
Group A comprises the branches with a positive correlation between the material costs and the machine 

investments (H0 is rejected), both measured in terms of revenue. This group includes the branches for Chemical 
Goods, Electrical Equipment, Mechanical Engineering, Motor Vehicles and Components as well as Other Goods. 
Weak and medium correlations with the majority of highly significant results are in place for the affected industries.

Group B encompasses branches with a negative correlation between the material costs and the machine 
investments in relation to the share of revenue (H0 is confirmed). Thus, it covers the branches Metal Production 



Production, 29, e20180104, 2019 | DOI: 10.1590/0103-6513.20180104 9/11

and Processing, Fabricated Metal Products and Rubber and Plastic Goods. The involved industries show weak 
and medium correlations.

Group C describes the negative correlation between commodities and machine investments expressed as 
a share of revenue (H0 is confirmed). The branches included are Chemical Goods, Rubber and Plastic Goods, 
Electrical Equipment, Motor Vehicles and Components as well as Other Goods. These industries have medium 
to strong negative correlations with high significance.

Group D then comprises industries with no substantial linear correlation between the relative expenditures 
in commodities and machine investments (H0 is rejected). This refers to the industries Metal Production and 
Processing, Fabricated Metal Products, Mechanical Engineering, Other Transport Equipments and Pharmaceutical 
Products. Therefore, the correlations are weak and not significantly different from 0.

4.3. Interpretation and explanatory approach

The results of the correlation analysis show that the distinction between material and commodities is 
crucial. While there is a distinct effect for commodities, the result of the analysis of material is contradictory. 
The substantial correlations that have been detected for material and commodities do not describe a causality 
yet, but the results are explainable via the cost elements in the Procurement 4.0-Framework. Group B and C show 
correlation coefficients that confirm the hypothesis of cost reduction through digitization.

Organizations, that belong to the branches in Group A show an increase of their procurement cost per unit 
revenue even though there have been investments into new machines.

In order to explain this result, the cost elements presented in sub-section 2.4, need to be taken into 
consideration. Hereby, the influence of technologies on the cost elements, as depicted in Table 2, were analysed:

Due to investments into new machines, the complexity and especially the variety of materials (M) increases 
since alternative material can be used (Federal Ministry of Education and Research, 2015). This would lead to 
higher DAC and SSC since the process of the supplier evaluation within the procurement strategy as well as 
the offer request and evaluation would become more comprehensive. This effect becomes visible especially in 
Group A. Group B and C are not affected that much. This indicates that for Group B there is no alternative 
material that can be used and therefore the variety of the material does not increase. Group C is not affected 
by this circumstance since a different material does not affect the delivery, as long as the commodity meets 
the requirements.

The increased variety of material, more transparency through the use of Big Data and Data Analytics as well 
as greater ranges through easier communication through the Internet of Things increase the number of possible 
suppliers (S) that can be acquired. The SSC increase because of a more complex supplier evaluation. Nevertheless, 
at the same time, because of the higher competition, purchasing prices of the needed goods decrease, which 
should decrease the DPC. This effect obviously occurs for organizations in Group B and Group C. However, this 
effect is partially offset by higher raw material prices. The raw materials, which are used by organizations in 
Group A, are mostly steel, aluminium and mineral oil. All of these raw materials have an increasing price trend 
since 2011. This is in contrast to prices for metal and plastics (Boerse Frankfurt, 2018). The price of the raw 
materials directly affect these organizations. Therefore, DPC does not seem to decrease which also explains the 
positive correlation detected in Group A.

Table 3. Correlation Coefficients between Relative Spendings on Machine Investments and Procurement Costs.

Branch
Correlation Coefficient r between Relative spendings on Machine Investments and Costs of…

…Material …Commodities

Chemical Goods 0.494 -0.899**

Pharmaceutical Products -0.288 -0.080

Rubber and Plastic Goods -0.348* -0.263*

Metal Production and Processing -0.851** 0.025

Fabricated Metal Products -0.491* 0.061

Electrical Equipment 0.763* -0.606**

Mechanical Engineering 0.611* -0.093

Motor Vehicles and Components 0.748** -0.650**

Other Transport Equipments 0.683* 0.124

Other Goods 0.392 -0.508**
*significant at the level of .0 05α = ; **significant at the level of .0 1α = .
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A larger number of possible suppliers and improved analytical tools also leads to a lower probability of supplier 
failure. Nevertheless, the SFC also depend on SSC, that, as mentioned, increase. Organizations in Group A which 
are affected by increased SSC also face higher SFC.

Digitization increases the efficiency of transports by using Autonomous Transports and Big Data (Waller & 
Fawcett, 2013), so that the cost for placing one order is reduced. As the variety of materials M increases, the 
demand d for individual material types is reduced. This results in a reduction of OC.

The remarks explain the results of the correlation analysis and show that digitization in some branches (Group B 
and Group C) leads to lower procurement costs. However, the results for Group A also show that the ideal effect 
does not apply in all branches. In these branches, the arising expenses exceed the cost savings of digitization.

For the organizations that belong to Group D no significant correlation was detected. This can be justified 
by the small ratio of procurement costs on the GPV (sub-section 2.2).

5. Conclusion and Outlook

Procurement costs are the central lever for increasing the economic viability of companies. These procurement 
costs were divided into material costs and commodity costs. Material costs are of greater importance across 
all industries and show a negative trend over almost a decade. Based on the procurement process, five central 
cost elements were derived and combined with the Procurement 4.0-Technologies to establish a Procurement 
4.0-Framework. The empirical examination of the correlation between digitization efforts and procurement costs 
shows predominantly significant results and emphasises the importance of distinguishing between material costs 
and commodity costs. On the one hand, the results show the expected negative correlation, which confirms the 
hypothesis of cost reduction through digitization. On the other hand, there are positive correlations for some 
industries. The results are plausibly explained using the Procurement 4.0-Framework.

The linear correlation between simultaneously measured values of two different characteristics was examined. 
However, since the cost-cutting effect of digitization can also be achieved with a delay of several years, the 
correlation between different measurement values with different time periods has to be examined. In addition, 
only the relative investments for one year were considered. It would also make sense to consider cumulative 
investments in machines and equipment. A separate analysis of the cost trends before and after the announcement 
of the fourth industrial revolution in 2011 seems meaningful in the light of our results. As soon as a sufficient 
database for a time series analysis after 2011 is available, this study should be repeated.

With the Procurement 4.0-Framework, a frequently assumed cause-and-effect relationship between digitization 
and procurement costs is systematically considered for the first time. The Procurement 4.0-Framework provides 
an explanation for the significant correlations. Although this framework is an explanatory approach for this 
statistical context, it has not itself undergone statistical testing. In addition, the conclusions based on this 
macroeconomic and cross-sectoral analysis provide an initial indication of a fundamental relationship, but 
require technological and sector-specific substantiation. The costs associated with the investment in machines 
may also include costs that are not related to digitization. A decomposition of the machine investments is 
possible through stronger operational data.

This empirical examination as well as the explanatory approach are key supplements to the previous 
survey-based studies on the effect of digitization on procurement costs.
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